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1 Åbo Akademi University and Statistics Finland, Finland
e-mail: marjo.pyy-martikainen@stat.fi

2 Freie Unversität Berlin, Germany

e-mail: rendtel@wiwiss.fu-berlin.de

Abstract

It is well known that survey reports on event histories are affected by measurement
errors. Yet surprisingly little is known about their effects in an event history analy-
sis. Making use of longitudinal register data on unemployed job seekers, we conduct
a complete record-check validation study of survey reports of unemployment spells
in the Finnish subset of the European Community Household Panel. The measure-
ment errors in survey spells lead to erroneous conclusions from an event history
analysis. Dummies for the heaping months of spell starts and ends, commonly
used in an attempt to control for the heaping effects, have a negligible effect on
estimated covariate effects and baseline hazard function. A semi-parametric Cox
model did not prove to be more robust with respect to measurement errors than
a fully parameterized Weibull model. Our results call for caution with respect to
conclusions drawn from an event history analysis based on survey data.

1 Introduction

Longitudinal survey data is increasingly used to analyze individuals’ event history pro-

cesses such as fertility, poverty and labor market transitions. Event history data typi-

cally consist of information about type and timing of events occurred, as well as a set

of covariates, over some time period.

It is well-known that survey reports on events are affected by measurement errors

(Bound, Brown and Mathiowetz 2001). Measurement errors in events are manifested

by omission or underreporting (failure to report an event), overreporting (reporting an

event that did not occur) and misdating (misreporting the timing of an event) (Math-

iowetz 1986; Holt, McDonald and Skinner 1991). In longitudinal surveys, misdating

is typically manifested by the heaping of events at the seam between two reference

periods, a phenomenon called a seam effect.

Despite the recognition of the existence of measurement errors in survey-based data

on events and, thereby, on durations between them, surprisingly little is known about



their effects in an event history analysis. Some evidence exists regarding duration of

occupational spells (Hill 1994), time to benefit receipt or to nonemployment (Pierret

2001) and duration of benefit receipt (Jäckle 2008). The findings from these studies are

mixed: in some studies, the covariate effects were attenuated by measurement errors

while in others, a strengthening of covariate effects was detected. In the study by

Jäckle (2008), the estimated baseline hazards based on survey data showed a somewhat

weaker duration dependence than those based on register data. The studies by Hill

(1994) and Pierret (2001) are not able to provide precise information about the effects

of measurement errors as they are based on the comparison of two survey data sets

having different data collection methods or recall periods. The study by Jäckle (2008)

is a validation study but suffers from low case numbers.

Our study provides novel evidence on the existence and effects of measurement errors

in event history analysis by using high-quality longitudinal register data matched at

micro-level to longitudinal survey data. The combined survey-register longitudinal data

enables us to 1) provide precise information on the type and magnitude of measurement

errors in survey reports of durations and 2) show how measurement errors affect the

results of an event history analysis.

We hypothesize that covariate estimates of duration models with a flexible baseline

hazard such as the Cox proportional hazards model are less affected by measurement

errors than estimates from fully parametric models. For example, it may well be that

the effect of heaping of spell starts and ends is absorbed by a flexible baseline haz-

ard. Van den Berg et al. (2006) found that covariate estimates of a Cox proportional

hazards model were less biased by non-response than estimates of an exponential or a

Weibull model. Also theoretical research suggests that estimates of duration models

with flexible baseline hazards are more robust to mispecification than more restrictive

models (van den Berg et al. 2006, van den Berg 2001). We test our hypothesis by

comparing distances of survey estimates from the corresponding register estimates of a

Cox proportional hazards model and a more restrictive Weibull proportional hazards

model.

Sometimes dummies for the heaping months are included as covariates in an attempt

to correct for the heaping effect (e.g. Hujer and Schneider 1989, Hunt 1995, Kraus and



Steiner 1998). We estimate models both with and without dummies for January and

December in order to see whether the dummies give protection against measurement

errors in covariate effects or in the baseline hazard.

The next section discusses the details of our research design. Section 3 presents the

main results. To save space, only results describing the effect of measurement errors in

an event-history analysis are presented. Section 4 concludes by discussing the research

findings.

2 Research design

We use unemployment spells as study variables of interest. We conduct a complete

record-check validation study of reports of unemployment spells in Finnish subset of

European Community Household Panel (FI ECHP) data by making use of longitudinal

register data matched at micro-level to FI ECHP survey data. We use the first five

waves of FI ECHP covering the years 1996-2000. Register data are assumed to contain

true, error-free information about unemployment spells. The magnitude and type of

measurement errors are evaluated by comparisons of survey reports and register data.

The effects of measurement errors in an unemployment duration analysis are assessed by

comparing estimates based on the two data sources. No survey weights are used in the

analysis. Also, no attempts are made to correct for the non-response bias. Although

estimates based on both survey and register data are affected by non-response, the

differences in the estimates cannot be attributed to non-response bias as both the

survey and register data contain the same individuals.

In the ECHP, questions related to individual labour market histories are asked in

the form of a month-by-month main activity status calendar obtained retrospectively

for the preceding year. By combining calendar information from consecutive waves

it is possible to construct information on individuals’ unemployment histories. The

respondent is asked for the main activity status for each month, given the following

instructions: if a person’s weekly working hours are 15 or more, an option related to

employment should be chosen. If a person has had various activity statuses during a

month, employment should be preferred over other statuses.



Our analysis was based on FI ECHP sample persons aged 16 or over at the beginning of

1996. Initial non-respondents were excluded because no survey information is available

for them. Also temporary drop-outs were excluded because their inclusion would have

posed the problem of left-censored spells. Left-censored spells are not only a source

of bias in an unemployment duration analysis but they also would have artificially

increased the heaping of spell starts in January. These restrictions left us with 7574

sample persons, of which 4364 responded in each of the five interviews and 3210 attrited

during years 1997 to 2000. For the total respondents, information about unemployment

spells is obtained for the five-year period covering years 1995-1999. For the attriters,

information is obtained until the end of the year that precedes the last interview.

Unemployment spells ongoing at the end of the relevant reference period were right-

censored. Spells ongoing in January 1995 were dropped. The survey data has 2719

unemployment spells belonging to 1482 persons.

Validation data was obtained from administrative registers. The data contains day-

level information about starting and ending dates of unemployment spells as well as

the outcome of each spell. Our aim was to construct a register spell data covering,

for each individual, the same time span as the survey data. For total respondents,

this means using register spells ongoing between 1 January 1995 and 31 December

1999. For attriters, register spells ongoing between 1 January 1995 and the end of the

year preceding the last interview were used. Spells ongoing at the end of the relevant

reference period were right-censored. Spells ongoing at 1 January 1995 were dropped1.

The register data has 6050 spells belonging to 1854 persons.

1377 persons had at least one unemployment spell according to both survey and register.

478 persons reported having no spells at all even though at least one spell was found

in the register. 105 persons reported at least one spell although none was found in the

register.
1Also spells lasting at most two days were dropped as they were not considered as ”true” unem-

ployment spells but just registrations into the records of the employment office for some legislative
reason.
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Figure 1: Kaplan-Meier survival function estimates for the register and survey data.

3 Results

3.1 Kaplan-Meier estimates of survival function

Survey spells tend to end in employment at a slower rate than register spells at durations

less than 14 months. Thereafter, the situation is reversed. The median time to getting

employed is 3.8 months in the register and 6 months in the survey.

3.2 Estimates of proportional hazards models

Register covariates were used in both the register and survey based models. By using

the same source of covariates in the two data sets, differences in estimates can only

be attributed to differences in register and survey spells. The covariates are spell-

specific and they are usually measured at the end of the year preceding the start of the

unemployment spell.

The magnitude and direction of measurement errors in estimated covariate effects is

similar in all estimated models. The effects of age, sex and education are larger, i.e.

further from 1, in the survey-based models. Having a higher education has an effect

about 20 percentage points larger in the survey-based models than in the register-based



models. The difference in the effect of being a female is even slightly larger. The pro-

portion of unemployment time and being a female do not have a statistically significant

effect in the register-based models whereas in the survey-based models, their effect is

statistically significant at 5 % risk level. The opposite is true for the effect of getting

earnings-related unemployment benefit. The statistical grouping of municipalities and

the area dummies are not important determinants of the hazard of getting employed

in either the register-based or the survey-based models.

Both the Cox and the Weibull models show similar effects of January and December

dummies. The register spells are less likely to end in employment in December than

in another months. This seasonal variation effect in spell ends is masked in the survey

estimate by the heaping of spell ends in December. Survey spells beginning in January

have a lower hazard of exit into employment, implying longer spell durations while the

January dummy has no effect in the register data. This is an indication of backward

telescoping of survey spell starts.

The inclusion of January and December dummies do not protect against heaping effects.

The effect of January and December dummies on other estimated covariate effects is

negligible except for the year dummies of the survey models. A more flexible baseline

hazard does not give protection against measurement errors in estimated covariate

effects, either. The survey based estimates from the Cox models are in fact further

from the register estimates than those from the Weibull models.

Figure 2 shows the estimated baseline hazard function for each model. For the base-

line hazard functions of the Cox proportional hazards models, a kernel smoother with

Epanechnikov kernel function was applied. The hazard function estimates were calcu-

lated setting the continuous variables at their mean values and the dummy variables

to zero. For all of the estimated models, the hazard of exit into employment based

on survey spells exceeds at most durations the hazard based on register spells. The

baseline hazards from the survey-based Weibull models are nearly constant, while the

register-based baseline hazards are decreasing. The January and December dummies

have virtually no effect on the baseline hazards.
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3.3 Conclusions

Measurement errors in survey-based event history data led to erroneous conclusions

from an event history analysis. Our hypothesis about the robustness of a Cox propor-

tional hazards model was not supported. The inclusion of dummies for the heaping

months had a negligible effect on the estimates. These findings suggest that results

from a survey-based event history analysis should be interpreted with caution. Also,

no simple strategies to correct for measurement errors are likely to exist.
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